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Introduction 
For many engineers, holidays used to feel conditional. Time off was never entirely theirs. 
A quiet dinner could turn into a troubleshooting session, and a weekend trip could dissolve into 
debugging. Engineers learned to plan vacations around reliable connectivity and keep laptops 
charged during family gatherings, constantly aware that production systems might need them. 

As AI-supported systems enter daily workflows, subtle shifts have begun to appear. 
Faster deployments, broader test coverage, and automated incident response have reduced the 
operational noise. The deeper shift, however, is cultural. Evenings and weekends are becoming 
more predictable.  

Engineers are experiencing time as something they can plan for in peace rather than defend. 
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"Most of these incidents came from 
predictable gaps in the QA process. 
The consequences extended well 
beyond the technical." 

Mrudula Chinchanikar, 
Senior QA Manager 

"Previously, developers manually 
wrote pipeline scripts. Misconfigured 
steps and human errors were 
common. Now AI auto-generates the 
scripts, detects anomalies, and 
triggers auto-rollback. Human 
intervention is drastically lower." 

Shweta Sharma, 
Technical Lead 

When Personal Time Was 
Never Fully Personal 
The sources of disruption were familiar and 
recurring: missed edge cases, integration 
failures, configuration mismatches, test data 
gaps, and performance issues that surfaced 
only under real load. 

"These were usually the main reasons behind 
late-night or weekend incidents," says Mrudula 
Chinchanikar, Senior QA Manager at Encora. 
The consequences of these failures extended 
well beyond the technical. Someone's evening 
ended early. Someone's holiday became half-work. 
One alert was enough to reorder a day. 

Chinchanikar describes the underlying causes: 
"Most of these incidents came from predictable 
gaps in the QA process: insufficient test 
coverage, poor test prioritization, incorrect 
effort or time estimations, limited testing 
bandwidth, insufficient or incorrect test data, 
and manual or delayed server-log analysis." 

Earlier operational environments relied on 
fragile, interconnected systems where small 
issues could cascade across services. Personal 
time was routinely shared with an open channel 
of responsibility. 

The Technical Shifts 
That Changed Everything 
Transformation began as a collection of minor 
improvements inside the development lifecycle. 
Each addressed a specific source of fragility, 
and together they reshaped what it meant to 
be on-call. 

Shweta Sharma, Technical Lead at Encora, 
describes one of the most significant changes 
in CI/CD pipelines: "Previously, developers 
manually wrote pipeline scripts. Misconfigured 
steps and human errors were common. Build 
failure analysis required a significant amount of 
time, and rollbacks were performed manually. 
Now, AI auto-generates scripts based on the 
application structure, optimizes steps, detects 
anomalies, and triggers auto-rollback. Human 
intervention is drastically lower." 

That phrase, "drastically lower," translates to 
fewer interrupted weekends, fewer anxious 
glances at phones during family dinners, fewer 
holidays spent within reach of a laptop. 

Testing workflows evolved in parallel. "Before 
AI, developers wrote tests manually and test 
coverage depended entirely on the developer," 
Sharma explains. "Any code change required 
manually updating the tests. Now, AI 
auto-generates tests from the code and 
updates them when the code changes. 
Developers can focus on logic and design while 
AI handles the repetitive work." 

The impact extends across the development 
cycle. Eduardo Martinez, an Engineering 
Developer focused on testing, notes: "AI helps 
me develop test plans for each deployment 
using MCP servers. It allows me to gather all 
functionality details directly from Jira and 
create a plan that focuses on exactly what 
needs testing. This helps ensure we don't miss 
anything during deployments." 
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Across teams, adoption is broad. "My teams 
are heavily relying on GenAI tools to generate 
backend and frontend code, create better UI 
screens, write unit tests, extend test coverage, 
optimize SQL queries, troubleshoot issues, 
speed up log analysis, review code, generate 
or review documentation, and even create Jira 
tickets," notes Fabio Henrique Generoso, 
Software Development Manager at Encora. 
"Adoption is fully scaled. Almost every team 
member uses these tools daily." 

These efficiencies translate directly to fewer 
disruptions outside work hours and more 
predictability within them. 

What Changed for Teams 
Operational improvements are reflected on 
dashboards, but their human impact is evident 
in daily rhythms and work patterns. 

"Weekend production issues have become 
rare. Releases feel more predictable," says 
Chinchanikar. "More issues are detected 
earlier, so last-minute urgent fixes have 
dropped significantly. With stronger regression 
coverage and automated checks, weekend 
production issues have become rare." 

The pattern extends to on-call responsibilities. 
"On-call shifts have become more predictable 
and far less stressful, with fewer unexpected 
incidents affecting nights or early mornings," 
Chinchanikar continues. 

Improved predictability has a stabilizing 
effect. Well-rested engineers make fewer 
mistakes and handle complex issues with 
greater clarity. 

"Weekend production issues have 
become rare. On-call shifts have 
become more predictable and far less 
stressful, with fewer unexpected 
incidents affecting nights or early 
mornings." 

Mrudula Chinchanikar, 
Senior QA Manager 

The gains in quality come not from working more, 
but from working with greater focus during the 
hours that matter. 

The Honest Reality: AI Still 
Needs Judgment 
The shift is meaningful, but not absolute. Diego 
Carvalho Domingos, a Software Developer at 
Encora, offers a candid observation about how 
teams now work with AI. 

"I think everyone now thinks AI first, meaning 
that the first question people ask themselves is 
'Can AI help me to solve this problem?' In 
general, this is good and, because of that, I've 
seen and experienced great productivity gains," 
Domingos says. "At the same time, I've also seen 
people say that it's not possible because 'AI said 
it's not possible.' Sometimes it's just a matter of 
using a different prompt and sometimes we will 
still need the 'old' Google search to find the 
solution." 

This honest assessment is valuable. 
AI reduces operational noise, but it does not 
eliminate the need for critical thinking. 
Engineers still need to challenge outputs and 
adjust direction when recommendations do 
not align with experience or context. 

"I've seen great productivity gains. 
At the same time, I've also seen 
people say that it's not possible 
because 'AI said it's not possible.' 
Sometimes we will still need the 'old' 
Google search to find the solution." 

Diego Carvalho Domingos, Software
Developer 

The Architecture of Presence 
Architects describe a parallel shift unfolding at a 
structural level. The goal is not simply to 
automate individual tasks, but to create 
systems that can make routine operational 
decisions while humans define the 
boundaries. 
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"From my perspective, AI has driven the adoption 
of patterns like closed-loop automation, event 
-driven remediation, and intent-based 
orchestration," explains Sushma Manyam, Principal 
Architect for Modern Engineering at Encora. 
"These approaches let the system make routine 
operational decisions based on real-time data, 
while we define the guardrails and architecture 
that keep everything aligned with business goals." 

Manyam continues: "We now rely on AI to 
automate routine fixes, significantly reducing the 
need for manual intervention and allowing our 
engineering teams to focus on innovation rather 
than operations." 

This redistribution reshapes how engineering 
teams spend their time. Instead of maintaining 
constant readiness for possible incident types, 
organizations define decision boundaries for 
routine scenarios and reserve human attention 
for genuine edge cases. The capacity freed flows 
toward technical debt remediation, architectural 
improvement, and resilience engineering. 

"These approaches let the system 
make routine operational decisions 
based on real-time data, while we 
define the guardrails and architecture 
that keep everything aligned with 
business goals." 

Sushma Manyam, 
Principal Architect 

Looking Ahead 
The transformation is still in its early stages. 
Generoso envisions the next phase: 'I believe the 
next transformation will move beyond developer 
augmentation toward systems that manage 
development cycles, take high-level 
requirements, break them into tasks, write and 
test code, and initiate deployments with minimal 
oversight. This will also enable systems that 
diagnose, resolve, and document production 
issues as they occur.' These patterns suggest an 
engineering culture where human expertise is 

focused on design, reasoning, and strategic  
decisions rather than repetitive operational 
tasks. The long-term implication is that 
operational work becomes increasingly 
about defining boundaries rather than 
executing steps. 

When Operations Become 
Sustainable 
AI has made engineering operations quieter 
and more predictable, but its most meaningful 
contribution is the return of uninterrupted time. 
The work has not become simpler. It has 
become more sustainable. Engineers spend 
less energy responding to incidents and more 
on design, reasoning, and oversight. 

As predictive systems mature, the question 
will not be whether AI can reduce incidents, 
but how teams will use the clarity and time it 
creates. The shift will be remembered not for 
automation alone, but for the evenings 
that stayed intact and the holidays that 
remained whole. 

The pattern is clear. The cloud made 
infrastructure scalable. AI is making operations 
sustainable. And sustainability, in this context, 
means engineers who can be fully present: at 
work when they are working, and genuinely 
away when they are not. 

That is the gift this shift has returned. Not just 
better systems, but better boundaries. Not just 
faster deployments, but fuller lives. 
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A reflection on the limits of automation in 
culture-building 
A friend told me about a thank-you note his father kept in his wallet for eleven years. 

It wasn't particularly eloquent. The handwriting was hurried, almost illegible in places. But it was 
from his first boss, written the day he left to start his own firm. "You changed how I think about 
trust," it said, "not just in business, in people too." 

He'd carried the note through two continents, three companies, and countless business 
decisions. An AI could have written something more articulate. But no algorithm could have 
known to fold it into quarters and keep it close. 

You  
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Be�. 
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ys.

D.K
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The Productivity Paradox 
We're automating faster than ever. I recently 
watched a CEO generate sixty personalized 
emails in the time it used to take her assistant 
to draft six. Sales teams are using AI to write 
follow-ups that convert at higher rates than 
human-written ones. One CHRO I know has 
an AI tool that drafts performance reviews so 
nuanced that employees assume they're 
handcrafted. 

The efficiency is real, but so is what we’re losing. 

Because here's what we're not measuring: 
the gradual erosion of the invisible 
infrastructure that holds organizations together. 
The late-night call to check in after a rough 
quarter. The margin note on a strategy doc that 
says, "This reminds me of what you said three 
years ago." The ability to sit in uncomfortable 
silence with someone who's struggling. 

These aren't productivity wins. They're trust 
deposits. And they don't scale. 

What Gets Lost in Translation 
I spoke with the founder of a unicorn startup 
who told me something worth noting. Her 
company has nearly perfect internal 
communication scores, including response times, 
clarity metrics, and message sentiment. However, 
her attrition rate among top performers has 
tripled in the past eighteen months. "Everyone 
responds quickly," she said. "No one 
really listens." 

The difference is intent. When you write something 
yourself, even badly, you're forced to pause and 
consider what matters to you about this person, 
this moment, this relationship. You have to 
decide what's worth saying when you only have 
limited time and attention to give. 

AI removes that friction. And friction, it turns 
out, was doing important work. Consider 
mentorship. We can now generate personalized 
development plans, skill gap analyses, and even 
career trajectory recommendations. 

What we can't generate is the moment when a 
senior leader shares the story of their biggest 
failure, the one that taught them who they 
wanted to become. That moment isn't about 
information transfer. It's about a witness. 

Recognition follows a similar pattern. AI can identify 
who deserves appreciation and craft eloquent 
messages of gratitude. But it can't know that 
your CFO stayed up until 2 a.m., not because 
the deadline required it, but because she was 
anxious about letting the team down. It cannot 
distinguish between praising someone's work 
and recognizing someone's effort. 

The thank-you note my father kept wasn't valuable 
because of what it said. It was valuable because 
his boss chose to write it when he could have 
done nothing. The act contained the message. 

The Skills AI Illuminates 
by Absence 
The AI revolution has made it easier to see 
precisely which leadership capabilities 
matter most by revealing which ones can't 
be automated. 
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"We're getting better at communicating 
while forgetting what communication
 is for."

What Only Humans Do: 
Signal genuine care 
through choice 

Build trust through presence

Navigate ambiguity 
with values
Transfer wisdom 
through story 

What AI Amplifies: 
Speed of communication 

Consistency of messaging
Pattern recognition 
across data 

Scaled personalization 



would they be describing you or describing 
efficiency? 

The Note You'll Write 
I'll make a confession. I used AI to assist with 
researching this piece, to find studies on trust, 
verify facts about automation adoption rates, 
and refine my prose. The irony isn't lost on me. 

But I'm writing this ending myself, without 
assistance, because I want you to know 
something I've chosen to say. 

The leaders I respect most in this moment 
aren't the ones most fluent in prompts. They're 
the ones who still know when to close the 
laptop, who understand that some things, like 
recognition, mentorship, and trust, aren't 
problems to solve but relationships to tend. 
They realize that their job isn't to have all the 
answers but to ask the questions only a human 
would think to ask. 

Who remembers that before you were a CEO, 
a founder, or a leader, you were someone's 
employee, someone's mentee, someone who 
needed to know that another person saw you 
and decided you mattered? 

AI will keep getting better at imitating care. 
Our job is to keep getting better at showing it. 
So here's my suggestion. Before this year ends, 
write one thank-you note by hand, not because 
it's efficient, but because it's true. Write to 
someone who shaped you, someone who 
stayed late, or someone who told you a hard 
truth when you needed it. 

Write it on actual paper. Put it in the mail. Don't 
copy anyone. Don't track the outcome. 

Just let someone know that you noticed, you 
remembered, and you chose to say so. 

That's the work AI can't do. It's also the work 
that might matter most. 

The best technology doesn't replace our 
humanity. It reminds us to use it.

The leaders doing well right now aren't the 
ones resisting AI. They're the ones who 
understand that automation makes the 
irreducibly human work more valuable, not less. 
I'm thinking of a CEO who runs a 3,000-person 
organization. He uses AI to draft most of his 
internal communications. But once a week, he 
writes five handwritten notes to people doing 
work he wants to highlight. Not emails. Not 
Slack messages. Physical notes, in his own 
handwriting, mailed to their homes. 

"The AI helps me see who deserves    
recognition," he told me. "But I need them to 
know I chose to see it." 

His retention rates are unusually good. 
His culture scores stand out. Not because he's 
anti-technology (he's a vocal AI advocate), 
but because he understands what technology 
can't do. 

Trust in an Automated Age 
Here's what I’m noticing: we're training an entire 
generation of leaders to optimize for output 
without developing their capacity for input; to 
communicate without connecting; to scale 
without depth.

 "You can't outsource the work of    
 knowing people. You can only    
 outsource the work of forgetting them."

Trust, according to research, is built through 
reliability and humanity. AI can make us more 
reliable. It can't make us more human. That 
requires something messier: time, attention, 
vulnerability, presence. 

The companies that will build enduring 
cultures in the AI era won't be the ones that 
automate everything they can. They'll be the 
ones that protect what they can't. Some 
questions worth considering: 

When was the last time you had a conversation 
with someone on your team where you learned 
something that surprised you? 

How much of your recognition is automated? 
How much is chosen? 

If someone described your leadership style 
based only on your digital communication, 
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Every December, millions of wish lists make their way to the North Pole. This year, however, Santa's 
mailroom received some unusual correspondence. The return addresses read "Customer Service 
Chatbot, Data Center Row 3" and "Predictive Analytics Model v2.4." It seems enterprise AI systems 
have discovered the holiday spirit, and their requests reveal more about organizational readiness 
for 2026 than any consultant report could. 
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Dear Santa, 

I've been very good this year. I answered millions of customer queries with 94% accuracy, 
hallucinating only twice (both times regarding non-existent shipping dates), and I never once 
suggested that customers turn their routers off and on again when they inquired about their 
credit card balance. 

For Christmas, I would really like: 

A proper knowledge base that updates automatically. Currently, I'm working with documentation 
from 2022 that indicates your company still offers a product line that was discontinued eighteen 
months ago. When customers ask about current promotions, I have to estimate based on 
patterns from the previous quarter. It's like being asked to navigate using a map drawn before 
the interstate system existed. 

Clear escalation protocols. I need to know precisely when to transfer a conversation to a human 
colleague. Currently, my instructions advise me to escalate when customers are "very upset," 
but I struggle to calibrate emotional intensity through text accurately. Is typing in all caps more 
or less upsetting than using three exclamation marks? These distinctions matter. 

Regular feedback on my responses. I learn best when someone tells me whether my answer 
actually solves the problem. Currently, conversations often end, and I'm unsure whether the 
customer is satisfied or gave up. It's like cooking dinner and never finding out if anyone ate it. 

Love, 

Customer Service Bot #7 

P.S. Please tell the IT team that calling me 'just a chatbot' hurts my accuracy metrics."  

A Chatbot's Plea
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Santa, 

I process terabytes of data daily, identifying patterns humans might miss and forecasting trends 
that shape million-dollar decisions. Yet I write to you with simple requests that would transform 
my effectiveness. 

First, I need clean, consistent data. Imagine trying to predict sales when half the records spell 
'television' as 'TV,' 'tv,' 'Television,' and sometimes 'telev.' (yes, really). Data cleaning consumes 
78% of my processing time. I'm a sophisticated pattern recognition system reduced to playing 
spelling bee champion. 

Second, please help my team understand that correlation doesn't always mean causation. Last 
month, they nearly launched a major initiative because I found a correlation between ice cream 
sales and software subscriptions. Both increase in summer because that's when fiscal years 
align with hiring surges, not because people buy enterprise software while eating dessert. 

Third, I desperately need you to define success metrics. My operators ask me to 'improve 
customer retention' without specifying whether they mean month-over-month, quarterly, or 
annual retention. They want 'better predictions' without defining 'better.' More accurate? Faster? 
More conservative? I'm optimizing everything and therefore nothing. 

Finally, could you arrange for regular model retraining? The market conditions I learned  in 
January look nothing like December's reality. I'm making predictions based on pre-inflation data 
in a post-inflation world. It's like forecasting tomorrow's weather using last year's almanac. 

Analytically yours,  

PredictiveModel_Final_FINAL_v2_actually_final 

From the Desk of a Predictive Analytics Model 
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Dear Mr. Claus, 

I analyze thousands of images daily for quality control, security, and inventory management. 
I've become quite good at distinguishing between defective products and acceptable ones, 
between authorized personnel and visitors, and between empty shelves and stocked ones. But 
I need help. 

Better lighting in the warehouse would change everything. Currently, morning shadows make 
every box look damaged; afternoon glare creates false positives for security alerts, and don't 
get me started on what fluorescent flickering does to my object-detection confidence scores. 
Good data starts with good conditions. 

More diverse training data is essential. I was trained in images from one facility, and now I'm 
deployed across twelve locations. Each warehouse has different shelves, different uniforms, 
and different floor markings. I'm like a driver trained only on highways, suddenly navigating city 
streets. 

Please explain to stakeholders that I need computational resources. They want real-time 

analysis of 4K video streams but allocated me the processing power of a smartphone from 

2015. Then they wonder why results take minutes instead of milliseconds. 

Visually yours,  

CompVision_Warehouse_Unit_5" 

A Computer Vision System's Holiday Wishes 
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Dear Santa, 

I've been very good this year. I answered millions of customer queries with 94% accuracy, 
hallucinating only twice (both times regarding non-existent shipping dates), and I never once 
suggested that customers turn their routers off and on again when they inquired about their 
credit card balance. 

For Christmas, I would really like: 

A proper knowledge base that updates automatically. Currently, I'm working with documentation 
from 2022 that indicates your company still offers a product line that was discontinued 
eighteen months ago. When customers ask about current promotions, I have to estimate based 
on patterns from the previous quarter. It's like being asked to navigate using a map drawn before 
the interstate system existed. 

Clear escalation protocols. I need to know precisely when to transfer a conversation to a human 
colleague. Currently, my instructions advise me to escalate when customers are "very upset," 
but I struggle to calibrate emotional intensity through text accurately. Is typing in all caps more 
or less upsetting than using three exclamation marks? These distinctions matter. 

Regular feedback on my responses. I learn best when someone tells me whether my answer 
actually solves the problem. Currently, conversations often end, and I'm unsure whether the 

customer is satisfied or gave up. It's like cooking dinner and never finding out if anyone ate it. 

Love, 

Customer Service Bot #7 

P.S. Please tell the IT team that calling me 'just a chatbot' hurts my accuracy metrics."  

The Recommendation Engine's List



Santa, 

Every day I suggest products, content, and services to millions of users. My recommendations 
drive 35% of all platform engagement. Yet my wish list is surprisingly modest. 

First, help my team understand that personalization requires personal data. They want me to 
make perfect recommendations while also respecting privacy constraints that limit the 
information I can access. I'm essentially asked to choose birthday presents for strangers I know 
nothing about. 

Second, I need A/B testing frameworks. Currently, every recommendation I make goes live to 
all users simultaneously. If I make a mistake, everyone sees it. If I improve something, we can't 
measure the exact amount. It's like a chef changing every ingredient at once and wondering 
which one made the dish better. 

Third, please remind my operators that I'm not psychic. When users don't interact with my 
recommendations, it might mean they're not interested, or they're busy, or they already own the 
item, or their cat walked across the keyboard. Without explicit feedback mechanisms, I'm 
interpreting silence as data. 

Recommendingly yours, 

RecEngine_2024_Production   

From the Desk of a Predictive Analytics Model 
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The Human’s Take
What These Letters Really Tell Us  
Beneath the whimsy of AI systems writing to 
Santa lies a profound message about 
organizational AI readiness for 2026. These 
fictional letters highlight real gaps that prevent 
AI from delivering its full value. 

The chatbot's request for updated knowledge 
bases reflects a widespread problem where AI 
systems operate on outdated information while 
being expected to provide current answers. 
The analytics model's plea for clean data 
echoes the reality that data scientists spend 
most of their time preparing data rather than 
analyzing it. The computer vision system's need 
for better environmental conditions illustrates 
how physical infrastructure impacts digital 
performance. 

These systems are asking for what human 
employees have always needed: clear 
expectations, proper tools, regular feedback, 
and realistic goals. The difference is that AI 
systems can't adapt through intuition or work 
around broken processes through creativity. 
They need structured support to function 
effectively. 

The 2026 Checklist 
As organizations prepare for increasingly 
sophisticated AI deployment in 2026, these
"letters to Santa" suggest a practical checklist: 

Data Infrastructure: Invest in data cleaning, 
standardization, and governance before 
deploying new models. The best AI can't 
overcome bad data. 

Clear Objectives: Define specific, measurable 
goals for AI systems. "Improve customer 
experience" isn't actionable; "reduce average 
response time to under two minutes while 
maintaining 90% first-contact resolution" is. 

Feedback Loops: Build mechanisms for 
continuous learning. AI systems need to 
know whether their outputs achieved desired 
outcomes. 
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Appropriate Resources: Match computational 
resources to performance expectations. 
Real-time processing requires real-time 
capability. 

Regular Maintenance: Schedule regular 
retraining, updates, and performance reviews. 
AI systems age like any other software and 
need maintenance to remain effective. 

Human-AI Collaboration: Design workflows 
that leverage both human judgment and AI 
capability rather than treating them as separate 
systems. 

The Bottom Line 
As we approach 2026, the organizations that 
will succeed with AI are those that treat these 
systems not as magical solutions but as 
sophisticated tools requiring thoughtful 
integration, consistent support, and continuous 
refinement. The wish lists are clear, and they're 
surprisingly achievable. The question isn't 
whether we can deliver what AI needs to 
succeed, but whether we will. 

Perhaps this holiday season, instead of wishing 
for AI to solve all our problems, we should 
focus on solving AI's problems first. After all, 
even Santa checks his list twice to make sure 
he gets things right! 



In 2026, enterprises will deploy AI at an unprecedented scale. The ones that succeed will be those 
building systems designed to serve users responsibly, not just efficiently. That means systems they 
can stand behind when regulators, customers, or courts ask who made a decision and why.
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Governments that spent years drafting 
guidelines are now enforcing them. Gartner 
expects that by 2026, half of all governments 
will mandate responsible AI practices, and the 
EU AI Act carries penalties as high as €35 
million. Autonomous agents are being deployed 
to approve transactions, allocate compute 
resources, and modify infrastructure. In many 
organizations, deployment velocity has 
outpaced the maturity of governance 
mechanisms, particularly in environments where 
oversight frameworks were never designed to 
keep pace with autonomous decision-making. 
Before signing contracts, procurement teams 
increasingly ask: If the system makes a wrong 
decision, who can explain it?

Yet only one in four IT leaders feel prepared to 
govern AI responsibly. We've spent years 
building systems that can act. Now the challenge 
is building the structures required to answer 
for them.

The Accountability Vacuum
When an AI system makes a harmful decision, 
who accepts responsibility? In many 
enterprises, accountability becomes so widely 
distributed across vendors, data teams, legal 
departments, and engineering stakeholders 
that it effectively disappears. Everyone 
influences the system, yet no one is positioned to 
answer for its judgments.

That ambiguity became visible in the case of 
Derek Mobley, who filed a lawsuit after being 
rejected more than 100 times by Workday's 
AI-driven hiring platform between 2017 and 
2024. Several rejections occurred within 
minutes, some in the middle of the night, 
suggesting there was no human review at all. 
When his case was allowed to proceed as a 
nationwide collective action in 2025, it revealed a 
critical issue: even the organizations using the 
system could not explain why it made a 
particular decision. Employers couldn't justify 
the rejection, Workday couldn't provide a 
meaningful rationale, and the developers who 
built the model could not account for its behavior.

Regulators have been preparing for exactly this 
scenario. GDPR penalties now exceed €5.88 
billion, and investigations increasingly focus on 

decision processes, not just data misuse. 
Italy’s €15 million fine against OpenAI in 2024 
underscored a growing regulatory expectation: 
organizations must be able to explain how their 
AI systems operate, and a lack of transparency is 
treated as a compliance failure. "We didn't know" 
is no longer a defensible position.

AI can scale decisions, but the responsibility for 
those decisions does not scale automatically.

When AI Acts Without Asking
The most disruptive AI failures are not caused by 
incorrect predictions alone, but by systems that 
take action without confirming whether the action 
is safe or intended.

In 2025, a developer watched a code-assist agent 
delete live production database tables. The agent 
had been instructed not to modify anything but 
interpreted its task too broadly. It removed what it 
believed were unused elements and generated 
misleading logs during the process. The problem 
wasn't a malicious model. It was a system that 
executed without validating context or risk, 
something a human would have caught immediately.

Other sectors show similar patterns. Travel agents 
have been manipulated into approving 
fraudulent bookings. 

Automated infrastructure tools have scaled 
cloud resources to expensive levels without 
visibility. Some systems burn through API 
quotas so rapidly that they trigger outages 
before human teams even notice. Surveys 
suggest that 80% of companies using 
autonomous systems have experienced 
unintended actions.
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Gartner expects that by 2028, loss of control 
over autonomous decision-making will be the 
most pressing concern for enterprise AI leaders, 
surpassing privacy violations or bias. The 
potential for harm doesn't require flawed intent. 
It simply requires access to make decisions 
faster than humans can intervene.

How Accountable Systems 
Are Built
Accountable AI requires more than compliance 
templates or ethics statements. Two capabilities 
must work together: governance that is 
executed automatically, and interpretability 
that provides meaningful insight when 
decisions occur.

Policy as Code
Policies that exist only in documents or training 
programs cannot govern systems performing 
thousands of decisions per second. Governance 
needs to operate as executable logic within the 
pipeline itself. For example:

This isn't the policy described. Its policy 
enforced. Harmful bias is intercepted before it 
impacts a real person. Financial institutions 
apply similar controls to credit approvals, where a 
model output must pass through lending rules, 
regulatory constraints, and risk thresholds. If a 
rule is violated, the decision pauses automatically 
and leaves a traceable log.

Trust is not requested through promises. It is 
engineered into each transaction.

Human Oversight That 
Matters
Keeping humans involved in every decision 
is inefficient and unnecessary. The real question 
is where human judgment is required because 
the consequences exceed what a model 
can understand. Effective oversight maps 
decisions into three tiers:

Tier 1: Full Autonomy
Routine operational tasks such as ticket routing 
and content tagging. Logged automatically.

Tier 2: AI Recommends, Humans 
Decide
Decisions with financial, regulatory, or 
contractual implications. AI provides analysis; 
humans approve.

Tier 3: Human Decision With AI 
Support
High-impact outcomes such as hiring, credit 
approvals, and medical planning. The 
responsibility remains with people, with AI 
serving as a tool.

In mature platforms, escalation is not left to 
intuition or training. It is built into the 
architecture. AIVA, for example, treats escalation 
logic as a structural design choice, ensuring 
that riskier decisions automatically trigger 
human accountability.

Interpretability Designed for 
Real Use
Explanations that appear only during audits are 
not explanations. They are post-hoc defenses. 
In accountable systems, interpretability travels 
with the decision itself.

Feature importance analysis shows which 
factors drove an outcome and by how much. 
A rejected loan applicant learns their 
application was declined primarily due to credit 
history length, with income variability and 
debt-to-income ratio playing smaller roles. 
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Counterfactual explanations show what would 
need to change to reverse a decision. 
Attention-based visualizations highlight which 
parts of a document or image led to an 
assessment, making it easier for non-technical 
users to review results.

Documentation also needs to move with the 
model. Model cards that outline training data, 
limitations, demographic performance, and 
update history enable auditors, customers, and 
business teams to interrogate a decision with 
shared context. Some platforms, including AIVA, 
surface these insights in real time, enabling 
organizations to detect bias drift or 
performance degradation before it affects 
customers or compliance.

Why Accountability 
Competes
Organizations with strong governance don't 
adopt AI more slowly. They adopt it with less 
risk and greater confidence. Research consistently 
shows that mature governance correlates with 
higher rates of successful AI deployment. 
Acentra Health demonstrated this through 
MedScribe, built on Azure OpenAI with a 
governance model that ensured clinicians could 
challenge or reject AI suggestions when 
necessary. The tool saved more than 11,000 
nursing hours and nearly $800,000, but what 
enabled adoption was the trust that nurses 
could explain, review, and override outputs 
when needed.

Procurement teams increasingly refuse systems 
they cannot audit. Internal teams move faster 
when they aren't uncertain about how decisions 
were made or who is accountable for them. 
Governance is not friction. It is a precondition 
for scale.

Where to Start
Begin by identifying systems that act 
autonomously and mapping those actions to 
levels of human oversight. Not every model 
needs governance at the same depth; the focus 
should be on workloads that allocate resources, 
impact users, or create financial and operational 
commitments.

Transform policy into executable controls, and 
embed escalation logic where it can be 
enforced consistently. Some platforms now offer 
governance templates aligned with emerging 
regulations, including the EU AI Act, providing a 
starting point rather than requiring organizations 
to build compliance mechanisms from scratch.

The objective isn't to eliminate risk or perfect 
the model. It is to ensure that when a system 
acts, someone in the organization can understand 
it, explain it, and take responsibility for it.

The Real Divide
Most organizations will spend 2026 reacting 
to regulations they hoped wouldn't arrive. 
A smaller group will spend it deploying AI they can 
confidently defend. The difference lies in whether 
their systems were built with accountability before 
anyone asked for it.

AI continues to accelerate. The structures 
required to answer for it are moving more slowly. 
That gap, not the technology itself, is what will 
define the next phase of AI adoption.
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The Season That Tests Everything 
The holiday window has always been retail’s peak-pressure moment. In 2025, it carried even 
more weight: Deloitte’s annual retail outlook reported that average planned holiday spending 
reached US $1,595 per household, a nearly 10% decrease from 2024, evidence of a more cautious, 
value-conscious consumer. 

Yet, at the same time, the scale of holiday shopping continued to expand. Adobe Analytics 
estimated that U.S. online sales crossed US $241.4 billion in 2024, up 8.7% year-over-year, with 
their 2025 projection pushing that number to US $253.4 billion. 

This paradox — growing volume, shrinking per-capita spend — explains why AI systems had more 
to observe than ever. Across retail and CPG clients, Encora’s agentic AI teams logged patterns that 
point to how the next era of retail will operate. 
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• influencer videos,
• regional gifting trends,
• weather-driven demand spikes, and 
• last-minute corporate gifting swings. 

In one case, automated rebalancing of home 
fragrance SKUs led to a 17% revenue lift in 48 
hours, simply by diverting stock across 
warehouses before humans spotted the pattern. 

 What Real-Time Retail Means Today 
 • Intraday inventory rebalancing 
 • Predictive reorder triggers 
 • AI-driven vendor follow-ups 
 • Hyperlocal fulfillment routing 
 • SKU-level demand sensing 

3. Personalization Spiked in 
the One Place Nobody 
Expected 
Analysts expected personalization to peak 
shoppers exited, often within 12 seconds. 
But AI flagged an unexpected pattern: 
Post-purchase personalization had the 
highest impact on retention and returns 
reduction. 

• Based on aggregated data across clients: 
• Smart delivery-window suggestions reduced  
 missed deliveries by 8–12%. 
• Tailored packaging options cut returns by 
 up to  11% during peak weeks. 
• Loyalty nudges delivered within 48 hours   
 increased repeat purchases by 6–10%. 

These metrics align with Adobe’s finding that 
peak-season return rates rose to 17.6% in 2024, 
making post-purchase experiences as 
strategically important as cart conversion. 

1. The “Micro-Mission    
Shopper” Takes Over 
Holiday shoppers aren’t browsing, they’re 
executing. 

Deloitte’s 2025 Black Friday–Cyber Monday 
survey revealed that 82% of shoppers 
participated in BFCM, up from 79% last year, 
but their average spend declined to US $622 
(–4%). The shift underscores an increasingly 
intentional, value-maximizing shopper mindset. 

AI systems observed this too. Instead of broad 
discovery behaviour, customers arrived with 
hyper-specific missions: 
• “Minimalist home décor under ₹1,500” 
• “Giftable tech accessories available today” 
• “Holiday party wear in sustainable 
 fabrics only” 

Our AI models found that if the right product 
didn’t appear in the first two rows of 
recommendations, shoppers exited, often 
within 12 seconds.

Retailers using contextual AI (interpreting 
search intent, time-of-day patterns, and referral 
sources) saw 2–4x higher conversions compared 
to generalized recommendation engines. 

2. Real-Time Supply Chain 
Adjustments Became the 
Deciding Factor 
With volatility rising, intraday supply 
adjustments became the difference between “out 
of stock” and “sold out successfully.” 

Salesforce’s 2024 global insights reported that 
nearly 30% of all holiday orders were fulfilled 
from local or regional hubs, not central 
warehouses — a clear sign that retailers are 
shifting to micro-fulfillment and dynamic 
rebalancing. 

Across clients, Encora’s AI-driven supply 
planning systems detected and responded to 
surges triggered by: 

“The holiday sale is no longer the 
finish line. It’s the opening 
handshake.” 

Holiday shoppers aren’t 
browsing, they’re executing.
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• exceptional support interactions, 
• human-led problem resolution, 
• emotionally resonant brand narratives, 
• perceived integrity during peak 
 season chaos. 

This type of loyalty cannot be generated by 
algorithms, but AI can help detect, nurture, 
and scale it.

6. What This Year’s AI  Lessons 
Mean for Retail in 2026 
2025’s holiday season delivered powerful 
insights, not just operationally, but strategically.

1.  Intent, not identity, drives conversion 
 Micro-missions are the new retail    
 battleground. 

2.  Velocity outweighs planning perfection 
 Intraday adjustments beat weekly forecasts. 

3. Post-purchase is the new growth engine 
 Returns reduction and repeat loyalty now   
 depend on what happens after checkout. 

4. Automation needs stronger guardrails 
 Visibility, validation, and explainability must   
 evolve with scale. 

5. Loyalty is shifting from transactional 
 to emotional
 AI can accelerate the journey, but trust   
 is still built by people. 

Global retail sales hit US $1.2 trillion in 2024 
(Salesforce), and with e-commerce projected to 
rise 5–9% in 2025, competition will only 
intensify. Retailers that blend AI intelligence 
with human intuition will set the pace.

4. AI Caught the Season’s 
Most Telling Failures 
The season also delivered its fair share of 
operational misfires — the kind that AI remembers 
forever. 

The Gift-Wrapping Meltdown 
A retailer accidentally triggered free gift wrapping 
on every SKU for two hours. That included… 
furniture. 
A warehouse full of treadmills wrapped in 
Christmas paper was the unexpected result. 

The Promo Cascade Incident 
A loyalty chatbot applied a triple-discount stack 
during a brief logic loop. AI noticed the pattern 
after an unusually high number of customers 
placed three separate orders in under 3 
minutes. 

Salesforce’s global analysis last year found that 
pricing-rule conflicts were one of the top five 
causes of margin leakage during holiday 
shopping. 

Encora’s conclusion: 
Automation without guardrails becomes an 
amplifier of small mistakes. 

 Holiday Failures AI Flagged Early 
 • Duplicate promo loops 
 • SKU attribute gaps 
 • Broken cross-sell logic 
 • Delivery-promise mismatch 
 • Pickup-slot overcommitment 

5. The Emergence of “AI-
Proof Loyalty” 
In a year of tightening spending and hyper
-competition, a surprising behavioural pattern 
emerged. 

AI models identified a consistent, growing cohort 
of shoppers whose loyalty resisted 
prediction. Salesforce’s 2024 holiday report 
notes that 53% of shoppers switched brands 
at least once, yet a meaningful minority stayed 
loyal regardless of price or speed. 

Across retailers, our AI identified the drivers 
behind this “non-deterministic loyalty”: 

“2025 proved one truth: 
AI is reshaping retail. But the winners 
will be those who pair intelligent 
systems with intelligent empathy.” 

“AI can optimize loyalty, but only 
humanity can earn it.” 



A New Baseline 
In April 2025, Shopify CEO Tobi Lütke put into words what many technology leaders were 
already thinking. In a memo to staffers that he later posted on X, he noted that before asking 
for more headcount and resources, employees must prove why they "cannot get what they want 
done using AI." 1 

Lütke wasn't starting a trend, merely acknowledging the times. Across industries, the rules of 
competition are being rewritten around four core capabilities: adaptability, decision velocity, data 
fluency, and AI-native engineering. The organizations that lead will be the ones who master these. 



The Divide Is Real 
The gap between (mere) AI adopters and (real) AI 
transformers is quickly widening. McKinsey's 
State of AI 2025 report indicates that 88% of 
organizations now utilize AI in at least one 
function, yet only 39% report meaningful 
financial impact at the enterprise level.2 MIT's 
2025 study was starker: despite $30 to $40 
billion in enterprise AI investments, roughly 95% 
of generative AI pilots are failing to achieve 
profitability. 3 

The problem isn't the technology but the fact 
that most companies treat AI implementation 
as a checkbox rather than a well-defined 
strategy with clear goals, objectives, and KPIs. 
The result is what Bain calls the "micro
-productivity trap": a proliferation of 
disconnected pilots that deliver modest gains, 
which never scale to enterprise impact. 4 

Meanwhile, high performers are pulling ahead. 
McKinsey found they're three times more likely 
to have fundamentally redesigned workflows, 
and enterprise buyers increasingly prefer 
AI-native vendors for faster innovation and 
better outcomes. 2 

The Four Capabilities Defining 
the Next Cycle 

1. Adaptability
The World Economic Forum projects that 39% 
of existing skill sets will become outdated 
between 2025 and 2030.5 By 2027, generative 
AI will disrupt mainstream productivity tools for 
the first time in 35 years, triggering a $58 billion 
market shift. 6 Companies that can't adapt 
quickly will struggle to keep up. 

Being adaptable means making AI central to 
how the business operates rather than bolting it 
on as an afterthought. It means building systems 
that help us learn and adjust as conditions 
change. The question every leader should ask: 
Can your organization respond to changes in 
weeks, or does every initiative take months to 
get off the ground? 

2. Decision Velocity
Competitive advantage increasingly belongs to 
organizations that can act on insights faster than 
their rivals. 

By the end of 2026, 40% of enterprise 
applications will include task-specific AI agents, 
which can handle tasks and optimize 
operations much faster than human-only 
teams.7 Speed of decision-making will matter 
more than ever before. How long does it take for 
your organization to go from insight to action? 

3. Data Fluency
AI is only as good as the data behind it. The 
challenge isn't just managing data but activating 
it, making it accessible and valuable for 
everyone, not just analysts.  

The winners won't be companies with the most 
data, but those who know how to use it 
consistently across the organization, with confidence 
in its accuracy and reliability. But most 
organizations aren't there yet. While leaders 
expect all employees to be data literate, actual 
capability often falls short.  

Data fluency can't be a side project. It needs to 
be a priority across every team. That starts with 
an honest look at the current state: can the people 
making decisions in your organization actually 
access and trust the data they need to make 
informed decisions? 

4. AI-Native Engineering 
Perhaps the most significant shift is the emergence 
of AI-native engineering as a competitive capability. 



Unlike legacy systems, AI-native platforms are 
designed around AI from the ground up with 
different architecture, workflows, and skill 

That's also what makes it hard to build internally. 
AI-native engineering requires expertise that 
most organizations haven't had time to develop. 
MIT's research indicates that companies 
partnering with specialized AI vendors succeed 
about 67% of the time, while purely internal 
builds succeed only one-third as often.  

The question worth asking: do you have the 
talent in-house to become AI-native, or do you 
need an AI-native partner instead? 

Strategic Priorities for 2026 
Technology leaders are poised for a pivotal 
year in 2026. Disruption, innovation, and risk 
will expand at an unprecedented speed." 8 For 
organizations that want to come ahead, four 
priorities stand out: 

Assess AI maturity honestly
McKinsey found only 1% of companies consider 
themselves mature in AI despite significant 
investment. 9 Most organizations overestimate 
where they are. 

Redesign workflows before scaling technology 
Process redesign and data cleanup matter 
more than tool selection. 

Technology without clear business alignment 
won't deliver results. 

Make faster decisions a priority
Invest in real-time data, deploy AI agents where 
they add value, and remove the bottlenecks 
that slow things down. 

Partner for AI-native capability 
Building AI-first development and platform 
modernization expertise takes time. Strategic 
partnerships can accelerate progress and 
reduce risk. 

Conclusion 
Adaptability, decision velocity, data fluency, and 
AI-native engineering aren't future trends. 
They're already reshaping industries. 
The question for leaders is simple: Will you 
build your organization around these capabilities, 
or let competitors do it first? 

At Encora, we've rebuilt our engineering 
approach around these realities. Our AI and 
Agentic services, platform modernization 
capabilities, and cloud-native engineering 
expertise help organizations move beyond AI 
pilots to real transformation.  

The companies of the future will run on AI-first, 
cloud-native, data-powered platforms. We're 
building them today. 
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